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AUCTIONS FOR DIGITAL GOODS

« Digital good: an unlimited supply of identical items
« Aim: design a sealed-bid auction for n bidders to maximize revenue
« Bidder i has private valuation v;

» The auction proposes a take-it-or-leave price p;



TRUTHFULNESS AND OPTIMALITY

« An auction is truthful if and only if the price p; does not depend on v;
« Optimal?
« The optimal revenue is
> v
i
(unattainable, because of truthfulness)
« Bayesian setting:
« the value v; is drawn from a publicly-known probability distribution F;
« optimal price p; maximizes

pi - (1= Fi(pi))

(Myerson 1981)



PRIOR-FREE BENCHMARKS

’ Prior-free auction ‘ Benchmark ‘
does not know private values knows everything
arbitrary prices restricted prices

OBVIOUS BENCHMARK: Y . V;
hopeless
OPTIMAL SINGLE-PRICE F(): maxik - vy
too strict; for the same reason that
first-price auction is not truthful; v, is
the k-th maximum value
if v; >
OPTIMAL SINGLE-PRICE F(?): MaXp : vy > > . =t
(2)=ZP i .
0 otherwise
it sells at least two items
pi ifvi>p;

RE TN CY YTORQ 2).
DECREASING PRICES M(®): maxp. vy >py >py--2pn 20 0 othermice



THE F(?) BENCHMARK

An auction is said to have if it has
revenue at least 7(2)(v)/c, for every set of values v.

LOWER BOUND: There is no auction with competitive ratio less than 2.42
[Goldberg, Hartline, Karlin, Saks, and Wright, 2006]

UPPER BOUND: There is an auction with competitive ratio 3.25 [Hartline
and McGrew, 2005]



SELECTING A GOOD BENCHMARK FOR I.I.D. VALUES

« Consider all optimal Bayesian auctions for (publicly-known) i.i.d.
values

« These are exactly the auctions with a fixed-price (the reserve price
that maximizes p - (1 — F(p)))

« The value of the best such auction for every set of values v is F(})(v)

No such auction exist, so we settle for F2) and we get almost the same
guarantee.



SELECTING A GOOD BENCHMARK FOR NON-I.I.D.’S

« If we repeat the reasoning for non-identical distributions, we don't get
a meaningful benchmark (because the set of optimal Bayesian
auctions contains all auctions)

« But if we have (non-identical) distributions
, Or

then the corresponding benchmark is M)
« Since M) is unattainable, we settle for M)



M® vs FO

For every set v of n values:

FO) < MO(v) < O(nn) - FA(v)

H Value
& MA(2) price
FA(2) price




COMPETITIVE AUCTIONS AGAINST M (2)

+ M@ was proposed in [Leonardi and Roughgarden, STOC 2012]
They gave an auction with competitive ratio

« This talk, [Bhattacharya, Koutsoupias, Kulkarni, Leonardi,
Rughgarden, and Xu, EC 2013]: we give an auction with

(In the paper, we also extended the
result to limited supply auctions)



THE OPTIMAL PRICE SCALING AUCTION

The main idea of the Optimal Price Scaling auction is:
# Partition the bidders randomly into two parts A and B

2 Compute the optimal monotone prices for A and offer them to B
(and vice versa)

For technical reasons, the actual auction is more complicated:
# Use prices that are only powers of 2

e \With probability 1/2, run the above scheme and with the remaining
probability run a competitive ratio against F@



PERFORMANCE

THEOREM
The Optimal Price Scaling auction has constant competitive ratio against

M@,

Our analysis proves a very high competitive ratio. It is an open problem to
reduce it and find an almost matching lower bound.



ANALYSIS

Let v be a set of values and let (va, vg) be a random partition.
The analysis is based on

e PrMP(va) >3 MOW)] > L
® The revenue extracted by the auction from B is Q(M?)(v,))



PRICE INTERVALS

« Let p be a sequence of optimal monotone prices for v4.

« Let Ji denote the interval of values in v for which the optimal price is
2k Call the values in Ji greater than 2k winning bids.
2 J3
J4
Js
« It suffices to show that the winning bids of Jj
between A and B (say with a ratio in [1,3]).

Intuitively, this seems true. But there are problems:

« The winning bids of some Jx's may be few (no concentration)

« A more subtle problem is that even when some Ji has many items,
we cannot directly argue that the two parts have almost the same
number of high values, because there is a bias towards A, by the
way the levels were created.



PRIMAL INTERVALS

To resolve both issues, we use an intermediary set of some intervals, which
we call primal intervals. They have the following properties:

« They are defined with respect to all values v
(thus, no bias towards A or B)

« With constant probability, the winning bids of all primal intervals
are almost evenly partitioned into A and B
(therefore, we must have few primal intervals,
and each one of them must be “long”)

» There is a collection of primal intervals whose winning bids
approximate the revenue of A
(this can be achieved only if there are
primal intervals of various sizes)



DEFINITION OF PRIMAL INTERVALS

Start with some primal interval. For every primal interval |, apply the
following 5 rules to create new primal intervals.

I I I
(M 2 ©)
I I



MATCHING AND CHARGING

Jr
S
R
........ Ten ..
Jen
I‘r+2
Jr+3
Ir+3
Irﬂ .......... I"H} Jr+4



OPEN PROBLEMS

« Tighten the analysis (lower and upper bounds)
« Find an (almost) optimal auction
» Extend to other asymmetric cases of bidders

+ Extend to matroids



Thank you!



